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A Basic Compartmental Model
The model keeps 

track of individuals 
by age, gender and  

smoking status
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A Basic Compartmental Model

Specific Death Rates 
by Age, Gender, and 

Smoking Status
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Limitations of Compartmental Models

• Cannot fully represent the 
heterogeneity present on 

the population. 
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• Cannot fully represent the 
heterogeneity of individuals in 
the population.

• Cannot represent non-
random connections and 
interactions among 
individuals.
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Final Thoughts

• Modelers should recognize 
when heterogeneity and 
network effects are 
important enough to merit 
abandoning the aggregate 
approach in favor of an 
individual-based model 
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Final Thoughts

• Modelers should recognize 
when heterogeneity and 
network effects are important 
enough to merit abandoning 
the aggregate approach in 
favor of an individual-based 
model 

• Models, in general, can 
and should be designed to 
answer specific questions, 
given a specific situation.
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Thank 
you!



The End


